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to the length of the time series, we have selected the best methods, the techniques for long time
series differ from that of the short ones. In long time series, we have used the decomposition
of time series using the software STATISTICA to find the seasonal factor, the adjusted data
and the smoothed data given the actual data Ai, then we use these new data to find the cyclic
components, the adjusted cyclic components, the trend component, the forecast value Fi and
the error of forecast Ai-Fi. After that when the trend reverses in the studied shares, for the
short time series we have built another method of forecasting, the Brown’s linear model.

The research explores time-series analysis of 3 stocks of Beirut Stock Exchange in three
different sectors over the period from 2017 through 2020. It provides daily forecasts and
analysis based on exponential smoothing methods and decomposition using STATISTICA
software, we deduce the best forecasting methods using MAPE and SSE. Since the profitable
strategies are related with the predictable character of the market movement and the
forecasting techniques can help with better investment decision making. our study shows the
possibility to develop support decision for the Lebanese stock market based on the proposed
forecasting methodology.
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PA3PABOTKA [IU®POBON CTPATET'MU MPENIIPUATUAL
KAK OCHOBHOM DTAII IU®POBON TPAHC®OPMAIIU BU3HECA

OcHoOBHBIM 3TarioM IUQPOBON TpaHchOPMAIUK OH3HEC-IIPOIIECCOB SBJISIETCST Pa3padoTka
U POBBIX CTPATErui IIpeaupusaTrii. dpdekTuBHAA cTpaTerust II03BOJIUT He TOJIBKO [OBBICUTH
a(ppeKTUBHOCTE 1 OITUMHU3UPOBATH OM3HEC, HO M 3aBO€BATH HOBBIE PBIHKM.

HauwmsaTh mpoekT 110 paspaboTke CTpaTeruy PeKOMEHIYeTCs C aHAIN3a TeXHOJIOTHIECKUX
TPEHJIOB W CHeIU(UKNA UHIYCTPUH, HA OCHOBAHUU KOTOPOTO M (pOPMUPYeTCs KapTHHA OyIyIie-
0 1M POBOTO IIPOUSBOJICTBA, HOBBIX IIM(PPOBLIX Ou3Hec-momesrei. Cieyomuil aTam — OIeHKa
U POBOH 3PEJIOCTHU IIPEIIIPUATHUS, IIPOLIECCOB, MH(POPMAIIMOHHBIX CUCTEM, TEXHOJIOTHHA 1 KOM-
TEeTeHINH, UMEIIUXCsT Ha mpennpustun. Jlajiee peKoMeHIyeTcs: IIPOBECTU OIEHKY d9KOHOMU-
JecKol o(ppeKTUBHOCTH IIPUMEHEHN HOBBIX TEXHOJIOTHM 1 OIIpenenTh Kinuesbie KPI.
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B kauecTBe mpumepa 110 oreHKe 1M POBOI 3pesIocTH paccMoTpuM MeToauky «MHmeke ape-
noctu Munycerpun 4.0» — paspaboTky mpoexTHoro 1meaTpa Industrie 4.0 Maturity Center He-
MEeITKOM aKaJeMUU TeXHUYECKUX HaYK.

CorJracHO MeTOJMKe BBIIEJIEHO II1eCTh ITAIIOB 3PEJIOCTU IPENIIPUATUS, KAKIbIA U3 KOTO-
PBIX TIOKA3BIBAET, KAKUMH XaPaKTePUCTUKAME JOJIMKHO 00JIa1aTh IIPEeAIIPUITHE JJIS ITepexoaa
& TexHosorusM Uunycrpuu 4.0:

1. Uadopmarusamnmsa — BHegpeHne oTaeibHBIX I T-pelrennii, a Takixe sakyka ooopygosa-
HUSA, TOIIAI0IIET0Ca ITM(PPOBOMY YIIPABJISHUIO.

2. Casaunocth (Habop IT-pertennii) — obbequHEeHNE Pa3pPO3HEHHBIX TEXHOJIOTHNA B €IH-
HYIO Cpejy IMPOMBIILJIEHHOr0 mHTepHeTa Bemieit. Kak mpaswmiio, 1mo mporokosmy IP mesxmy co-
0011 MHTErPUPYIOTCS CUCTEMBI ABTOMATH3UPOBAHHOIO IIPOEKTUPOBaHusa 1 mpouasoacTasa (CAD/
CAM), ympasyenus Texuogorndeckumu mporeccamu (MES), a Takskxe HOBoe 11160 MOIepHU3H-
poBaHHOe cTapoe obopymoBanue. Taxske MOJKHA OBITH OPraHU30BAHA BO3MOKHOCTD VIAJIEHHO-
TO O0CTYKUBAHUS 9TOM CPE/IBI.

3. Harsmsimaoers — cbop mHbOpManumyu B peayibHOM BpPeMeHH, 0TOOpaskeHue aKTyaJbHON
paboueil KapTUHBI IPEIIPUATUS B I poBoit cpene. Jlocturaercs myTeM yCTAHOBKY JaTIUKOB
HAa ITPOU3BOJICTBeHHOE 0bopymoBanue u Bueapenus cucteM PLM, ERP u MES. Asromarusarms
yuera II03BOJIAeT IIPUHUMATE OoJiee OllepaTUBHbBIE U 9(p(PeKTUBHLIE YIIPABICHUYECKIE PEIIeHN .

4. [TporuriaemocTs (aHAJIN3 U PeaKIUsI) — MHTErpaIs cpedbl [MI(POBOr0 0TOOPAMKEHIS
MPEIIPUATHS C CUCTEMAaMU aHAJIUTHKH (B YACTHOCTH, C HHCTPYMEHTAMU 00pab0TKH OOIBIITHIX
TAaHHBIX).

5. Ilpenckasyemocts (IpejackasaTesibHAS aHAJUTUKA) — BHEIPEHNEe HACTPOEHHBIX ITOJT
IIPOM3BOCTBO TEXHOJIOTHHA IIPEAUKTUBHON aHAIUTUKHN (TEXHOJIOTHHI IIPOrHO3UPOBAHI).

6. CamokoppekImsa (CaMOOTITUMU3AIINASA) — AaBTOMATHU3AIIUSA (PYHKITHM, OTBEUAIOIINX 3a
THOKOCTB, aJalTaIiio OM3Heca K M3MEHIIOIINMCS YCJIOBUAM BHEIITHEH CPeIbl.

IlecTs cTammit pa3BUTHS MTOKA3BIBAIOT, KAK B JAHHOM KOMIIAHWK MOTYT COOMpPATHCS, aHa-
JIN3UPOBATHCA M MCIOJIB30BATHCA JaHHbIe. VIHIEKC 3pestocTr Ha KaKIOM aTale paccMaTpuBa-
eTCsl B KOHTEKCTe XapaKTePUCTUK, KOTOPBIMHE JIOJI3KHA 00J18/1aTh IPOU3BOACTBEHHA S KOMITAHMS
JIJIsI TIpeo0pa30BaHUs B IIOCTOSTHHO PA3BUBAIOIIYIOCS, THOKYIO OPTaHU3aITNI0. XapaKTePUCTUKA-
MU B JJAHHOM METOAUKE SBJIAIOTCSI MAaTepHAJIbHBIE U HeMaTepUaJbHbIe Pecypchl, HH(OPMAIIX-
OHHBIE CHUCTEMBbI, KyJIbTYypa OPraHU3AIlMU ¥ OPraHU3allMoHHasa cTpyKTypa. Ocoboe BHUMAaHMeE
yIesasaeTcs ImpeodpPa3oBaHNi0 OPTaHU3AITUOHHOM CTPYKTYPHI ¥ KYJIBTYPHL.
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